"R %&&






Area V4 Higherlevel visual
abstractions

Area V2 Primitive shape detectors

Area V1 Edge detectors
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logic gates
2 layers of —J formal neurons = universal approximator
RBF units
Theorems for all 3:
(Hastad et al 86 & 91, Bengio et al 2007)
Functions representable ‘??

compactly with k layers may
require exponential size with
k-1 layers
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