Lecture 22 - scribbles - latent
Wednesday, April 5,2017
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Pointers
e latentvariable SVMstruct:
o Chun-Nam Yu, Thorsten Joachims. “Learning Structural SVMs with Latent Variables”. ICML 2009

others:
= hidden CRF: A. Quattoni, S. Wang, L. Morency, M. Collins, and T. Darrell, “Hidden Conditional Random

Fields,” TPAMI 2007.

= deformable part models for object recognition (highly cited paper): Felzenszwalb, R. Girshick, D.
McAllester, D. Ramanan, “Object Detection with Discriminatively Trained Part Based Models” TPAMI,
Vol. 32, No. 9, September 2010

e CCCPprocedure convergence rate:
o lanE.H. Yen, Nanyun Peng, Po-Wei Wang and Shou-de Lin, "On Convergence Rate of Concave-Convex
Procedure", NIPS 2012 OPT Workshop (not considered a publication by the way)

e kernels:
o example of early paper presenting kernels for structured SVM: Juho Rousu, Craig Saunders, Sandor
Szedmak, John Shawe-Taylor, "Kernel-Based Learning of Hierarchical Multilabel Classification Models", JMLR
2006
o example of application: L. Bertelli, T. Yu, D. Vu, and B. Gokturk, “Kernelized structural
SVM learning for supervised object segmentation,” CVPR 2011
o for computation in BCFW, see Appendix B.5 in the usual: S. Lacoste-Julien, M. Jaggi, M. Schmidt and P.
Pletscher, “Block-Coordinate Frank-Wolfe Optimization for Structural SVMs”, ICML 2013
o the standard book for kernels: Bernhard Schélkopf and Alexander J. Smola, Learning with Kernels, MIT Press
2001
e deep learning:
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http://www.iro.umontreal.ca/~slacoste/teaching/ift6085/W17/protected/www.cs.cornell.edu/~cnyu/papers/icml09_latentssvm.pdf
http://ieeexplore.ieee.org/abstract/document/4293212/
https://cs.brown.edu/~pff/papers/lsvm-pami.pdf
http://www.cs.cmu.edu/~eyan/publication/cccp_rate.pdf
http://www.jmlr.org/papers/v7/rousu06a.html
http://www.jmlr.org/papers/v7/rousu06a.html
http://ieeexplore.ieee.org/abstract/document/5995597/
http://jmlr.csail.mit.edu/proceedings/papers/v28/lacoste-julien13-supp.pdf
https://mitpress.mit.edu/books/learning-kernels
http://www.deeplearningbook.org/

o see chapter 10 of the "Deep learning book" for RNNs
o head detection plug in example mentioned in class: Tuan-Hung Vu, Anton Osokin, and Ivan Laptev,
"Context-aware CNNs for person head detection", ICCV 2015
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http://www.deeplearningbook.org/
http://www.di.ens.fr/willow/research/headdetection/

