Lecture 24 - Bayesian approach; model selection

Friday, November 27, 2020 13:31
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http://www.iro.umontreal.ca/~slacoste/teaching/ift6269/A17/notes/lecture22_scribbles.pdf
http://www.iro.umontreal.ca/~slacoste/teaching/ift6269/A17/notes/lecture22_scribbles.pdf
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see thoughts of Bernhard Schélkopf on causality:
https://arxiv.org/abs/1911.10500
(and references therein, e.g. his book: )

Elements of Causal Inference, 2017
By Jonas Peters, Dominik Janzing and Bernhard Schélkopf
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https://arxiv.org/abs/1911.10500
https://mitpress.mit.edu/books/elements-causal-inference

https://mitpress.mit.edu/books/elements-causal-inference
(available for free online)
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